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Abstract: In the contemporary business environment, management information systems are no longer limited to the collection,
storage, and presentation of historical data; rather, they increasingly constitute an intelligent foundation for anticipatory and
proactive business decision-making. In this context, predictive analytics and machine learning occupy a central position in the
development of modern MIS, as they enable the identification of patterns in data, the estimation of probable future outcomes, and
the timely response of management. The aim of this paper is to analyze the role of predictive analytics in contemporary
information systems, with particular emphasis on its integration into business processes and its impact on the quality of business
decision-making. The paper examines the theoretical foundations of business intelligence, predictive analytics, and machine
learning; presents the architectural framework of their integration into MIS; and analyzes typical applications in customer
management, inventory management, process management, and risk management. A separate section of the paper is designed as a
simulated research model that illustratively demonstrates how the effects of predictive analytics could be empirically examined in
organizations. The findings indicate that the integration of analytical models into modern Management Information Systems
(MIS) contributes to higher-quality decision-making, faster managerial response, and greater operational efficiency; however, the
full effects depend on data quality, professional competencies, and organizational readiness for change.

Keywords: Management information systems, predictive analytics, machine learning, business decision-making, business
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timely manner. For this reason, modern MIS increasingly
incorporates advanced analytical functions, particularly predictive
analytics and machine learning [4], [5], [6]. These technologies

1. Introduction

Management information systems play a crucial role in

contemporary organizations because they enable the collection,
processing, storage, and distribution of information necessary for
planning, control, and business decision-making. In the traditional
business environment, their function was primarily oriented toward
report generation, the monitoring of key performance indicators,
and the analysis of past business events [1], [2]. With the
development of the digital economy, the growth in the volume of
available data, and increasing market uncertainty, expectations
placed on MIS have expanded considerably [3].

Contemporary organizations no longer seek only to answer the
question of what happened; they also strive to understand what is
likely to happen, why it may happen, and how to respond in a
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enable information systems to move beyond the boundaries of
descriptive analysis and become active instruments for anticipating
trends, identifying risks, evaluating probable scenarios, and
supporting managerial decision-making.

The aim of this paper is to analyze the role of predictive analytics
in modern MIS, with particular emphasis on its application,
integration into business processes, and impact on business
decision-making. In addition to the theoretical overview, the paper
includes a simulated research framework that illustratively shows
how the effects of this integration could be empirically examined
in organizations.
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Figure 1. Business analytics maturity model within modern MIS.

Caption: Illustration of the evolution of analytical capabilities from
descriptive reporting to prescriptive optimization, emphasizing the
transition from reactive to proactive and anticipatory business
decision-making. Source: Author’s elaboration based on the
theoretical premises of the paper.

To understand the transformation path of MIS, it is necessary to
consider the analytics maturity model. It progresses from
descriptive analytics (what happened), through diagnostic analytics
(why it happened) and predictive analytics (what will happen), to
prescriptive analytics (what should be done). This final stage
represents the pinnacle of intelligent MIS, where the system not
only predicts the future but also offers optimal courses of action.

2. Theoretical Framework: From Business

Intelligence to Intelligent MIS

Business intelligence represents a set of processes, technologies,
and tools that enable organizations to collect, process, analyze, and
visualize data in support of decision-making [1]. In addition, BI
systems contribute to a better understanding of customers,
competitors, suppliers, and internal processes, thereby becoming an
important element of contemporary management [2]. Through the

development of data warehouses, performance indicators, visual
dashboards, and data mining, business intelligence has long served
as a key source of analytical support for management [2], [3].

However, traditional Bl is primarily reactive. It answers questions
about previous results, changes in sales, margins, costs, and
performance, but it does not provide a sufficiently reliable answer
to what can be expected in the future [3], [4]. Consequently, both
theory and practice have recognized the need for a more advanced
approach in which MIS and BI are not limited to retrospective
reporting but also incorporate models for estimating probable
future outcomes [4], [5].

Predictive analytics uses statistical methods, probability models,
and machine learning techniques to identify patterns in historical
data and estimate future behaviors, trends, and events [4].
Similarly, machine learning enables systems to learn from data,
automatically improve models, and recognize complex
relationships that traditional analysis often cannot detect [6]. Such
developments also transform the role of MIS: it is no longer merely
a system for information distribution, but rather an intelligent
platform for generating business insights and supporting proactive
management [5], [6].

Table 1. Differences between the traditional BI/MIS approach and modern MIS based on predictive analytics

Traditional BI/MIS Modern MIS with predictive analytics

Time orientation Past

Type of analysis Descriptive
Dominant data

Main tools Reports, dashboards, KPI
Nature of decision-making Reactive

Main objective

Historical and aggregated

Understand what happened

Future
Predictive and prescriptive
Historical, real-time and unstructured
indicators ML models, predictive services, analytical algorithms
Proactive

Predict what is likely to happen
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Caption: The table presents the transformation of the informational
and analytical environment from the traditional BI/MIS model to a
contemporary system in which decision-making is based on
predictive insights and intelligent data processing. Source:
Author’s elaboration and adaptation based on [4], [5], [6]-

This development indicates that modern MIS should be viewed as
an integrated environment in which data management, analytics,
business intelligence, and managerial decision-making are
mutually interconnected. Within this framework, predictive
analytics is not an additional function; rather, it is one of the key
components of the contemporary information system.

While predictive analytics focuses on the probability of future
events, prescriptive analytics goes a step further. It uses
optimization and simulation algorithms to provide management
with concrete recommendations. In modern MIS, this means
moving from merely “informing” to actively “guiding,” where the
system may, for example, automatically suggest budget
reallocation or inventory-level optimization based on forecast
demand.
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3. Integrating of Predictive Analytics and
Machine Learning into Modern MIS

The integration of predictive analytics into modern MIS begins at
the level of data sources. These sources may include ERP systems,
CRM platforms, transactional databases, web analytics, logistics
data, loT sensors, and external market sources [3], [7]. Once
collected, the data pass through extraction, transformation,
cleaning, and integration processes, ensuring their usability for
further analysis and modeling [7].

At the analytical level, the business problem is defined, relevant
variables are selected, the dataset is prepared for modeling, models
are trained, and their performance is validated [4], [6]. This is
followed by operationalization, namely the embedding of models
into the business system, where results become available through
dashboards, managerial alerts, recommendations, or automated
business actions [3], [7].

A particular value of modern MIS lies in the fact that the
integration of analytics and the information system does not end
with model development. Equally important are the continuous
monitoring of model quality, their periodic updating, and their
adaptation to new data and changes in the business environment.
Without such a feedback cycle, predictive accuracy declines over
time, and the managerial value of the system decreases.
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Figure 2. Architecture of modern MIS with integrated predictive analytics

Caption: Schematic representation of modern MIS as a
multilayered system connecting data sources, ETL and data
management, the data warehouse, analytical and ML models, and
visual and managerial outputs in the form of dashboards, alerts,
and managerial decisions. Source: Author’s illustration based on a
conceptual synthesis of [3], [4], [6], [7]

4. Applications of Predictive Analytics in Modern
MIS

The practical value of predictive analytics is particularly evident in
areas where organizations possess large amounts of data and where
decisions must be rapid, accurate, and timely. One of the most
common applications concerns the prediction of customer churn. In
telecommunications, banking, insurance, and e-commerce,

retaining an existing customer is usually more cost-effective than
acquiring a new one; therefore, models for estimating churn
probability have direct managerial significance [8], [12].

Another important area is inventory optimization and the
estimation of future demand. By using time-series methods and
other predictive models, it is possible to plan procurement more
accurately, reduce excess stock, and simultaneously avoid
shortages [7], [12]. In logistics and manufacturing, analytics also
contributes to route optimization, resource scheduling, and
predictive equipment maintenance [11].

In the financial sector, models are used for fraud detection,
anomaly identification, and early warning of risky behavioral
patterns, while in process management they help identify
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bottlenecks, delays, and potential errors before they materialize
[11]. In the domestic context, examples of digitalization and the
analytical improvement of processes are present in
telecommunications, healthcare, and the IT sector, indicating that
the local market is also gradually adopting such approaches [8],
[91. [10].
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Although local companies in Bosnia and Herzegovina show
interest in these technologies, obstacles are often economic and
cultural in nature. In addition to the shortage of qualified
personnel, the slow digital transformation of the public sector and
the limited investment capacity of small and medium-sized
enterprises hinder the full integration of advanced MIS in the
domestic market.

Table 2. Applications of predictive analytics in modern MIS, dominant models, and managerial effects

Example of application Dominant model Managerial benefit

Marketing and .
Customer churn prediction

CRM

Sales Estimating of future demand
Logistics Route and flow optimization
Finance Fraud and anomaly detection

Manufacturing Predictive equipment maintenance

Process Prediction of process duration and
management bottlenecks

Caption: The table presents the most important areas of predictive
analytics application in modern MIS, the dominant models used,
and the concrete managerial benefits derived from them. Source:
Author’s elaboration and extended adaptation based on [7], [11],
[12].

5. Research Methodology

To complement the theoretical part of the paper, a simulated
empirical model was designed to demonstrate how the role of
predictive analytics in modern MIS could be examined under real
organizational conditions. Since the paper is not based on an
actually conducted field study, the results presented below are
illustrative in nature and represent the author’s simulation of a
potential research finding.

The subject of the research concerns the impact of predictive
analytics within modern MIS on the quality of business decision-
making, the speed of managerial response, and operational
efficiency. The aim of the research is to determine whether, and to
what extent, the integration of analytical models contributes to
better information management and higher-quality business
decisions.

Within the research model, the following questions were defined:

e Does predictive analytics contribute to higher-quality
decision-making?

e Does it affect the operational efficiency of the
organization?

e  Which factors most strongly determine the success of its
implementation in the MIS environment?

On this basis, three working hypotheses were formulated:

e Predictive analytics positively affects the quality of

Logistic regression, Random Forest

ARIMA, Prophet, regression models

Heuristic models, reinforcement

SVM, anomaly detection

Neural networks, LSTM

Sequential models, LSTM

Customer retention and targeted
campaigns

More accurate sales and procurement
planning

learning Reducing costs and delivery times

Early warning and risk management

Reduction downtime and maintenance
costs

Timely management intervention

business decision-making.

e Organizations with more developed analytical functions
achieve higher operational efficiency.

e Data quality, employee competencies, and technological
infrastructure represent the key prerequisites for
successful implementation.

The assumed sample includes 120 respondents from medium-sized
and large organizations that use various forms of business
intelligence and information systems for decision support. The
respondents are conceptually distributed among managers, BI/IT
specialists, and business analysts. For the purposes of the model, a
survey questionnaire with a Likert scale from 1 to 5 was envisaged,
while descriptive statistics and correlation analysis were intended
as the methods of data processing.

6. Results of the Simulated Research Model

The simulated results indicate a strongly positive perception of the
role of predictive analytics in contemporary information systems.
The model assumes that 72.5% of organizations use some form of
predictive analytics, while 27.5% still rely predominantly on
traditional BI reports and descriptive analytics. The average rating
for the statement that predictive analytics contributes to higher-
quality business decision-making is 4.31, while the average rating
of its impact on the speed of managerial response is 4.12.

With regard to operational effects, the simulated findings indicate
approximately 18% lower deviation in inventory planning, around
14% faster operational decision-making, and approximately 11%
more efficient customer relationship management in organizations
that use predictive models. Although these figures do not have
empirical verification, they illustratively demonstrate the type of

results that could be expected in actual research.
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Table 3. Summary results of the simulated research model on the effects of predictive analytics in modern MIS

Organizations using predictive analytics

Organizations predominantly relying on descriptive Bl
Average rating of impact on decision-making quality
Average rating of impact on speed of managerial response
Reduction in deviations in inventory planning

Faster operational decision-making

More efficient customer relationship management

Caption: The table presents illustrative results of a simulated
research model on the possible effects of integrating predictive
analytics into modern MIS. Source: Author's simulation.

7. Discussion

The presented theoretical and simulated findings indicate that
predictive analytics plays a significant role in transforming modern
MIS from a system of retrospective reporting into a system of
proactive decision support. Such development is particularly
important under conditions of market uncertainty, complex data
flows, and the need for faster managerial responses [4], [5], [6]-

The analysis shows that the greatest value of predictive analytics
does not lie solely in more advanced data processing, but in its
ability to connect data, models, and business action. Organizations
do not use models merely for technical accuracy; rather, they use
them to make more effective decisions concerning customers,
inventories, processes, costs, and risks [8], [11], [12]. In this way,
MIS ceases to be a passive informational infrastructure and
becomes an active instrument of business management.

At the same time, the results also indicate that the implementation
of these technologies is not exclusively a technical issue. Data
quality, employee competencies, analytical culture, and
organizational readiness for change represent key prerequisites for
successful integration [6], [7], [10]. Without them, even the most
advanced models cannot generate the expected business value.

8. Research Limitations and Practical Implications

The main limitation of this paper stems from the fact that the
empirical section is not based on an actually conducted field study,
but rather on a simulated research model. Therefore, the presented
results are illustrative in nature and cannot be interpreted as
genuinely verified empirical findings. Nevertheless, such an
approach allows the paper to be structured as a research-oriented
article and clearly demonstrates the methodological framework for
future real-world studies.

The practical implications of the paper concern organizations
seeking to improve their information systems and the quality of
managerial decision-making. Based on the presented findings, it
may be concluded that the development of modern MIS requires
investment in a unified data foundation, analytical infrastructure,
professional competencies, and procedures for the continuous
monitoring of model quality. Special attention must also be paid to
ethical issues, data privacy, and the transparency of analytical
decisions, particularly when sensitive or personal data are used [9].

72.5%
27.5%
431/5
41215
18%
14%

11%

9. Challenges and Barriers to Implementing
Predictive Analytics in MIS

Despite the clear advantages that predictive analytics brings to
modern management information systems, its implementation in
practice faces a range of technical, organizational, and human
barriers. Understanding these challenges is as important as
understanding the theoretical foundations, because an
organization’s ability to recognize and overcome them determines
the actual value derived from implemented analytical solutions.

Data quality and availability constitute the fundamental
prerequisite for every predictive model. Organizations often
possess data that are incomplete, inconsistent, fragmented across
different systems, or outdated. A silo architecture, in which
different departments maintain separate databases without
integration, directly reduces the system’s ability to build
comprehensive and accurate models. Without a strong foundation
of data governance, even the most advanced algorithms cannot
produce reliable results. This is particularly pronounced in small
and medium-sized organizations that have not yet undergone the
digital transformation of their business processes.

The lack of analytical competencies within the organization is
another critical challenge. The development, validation, and
maintenance of predictive models require experts with specialized
knowledge in statistics, machine learning, and business analytics.
In the labor market, especially in the Southeast European region,
such profiles are scarce and expensive. Moreover, the effective
application of analytical results also requires managers and other
system users to be sufficiently analytically literate to interpret
models, understand their limitations, and make decisions based on
probabilities rather than intuition alone. This suggests that
investment in employee education and competency development
must proceed in parallel with technological investment.

Organizational culture and resistance to change often prove to be
the most difficult barriers to overcome. Managers and employees
accustomed to traditional ways of working and decision-making
sometimes perceive analytical models as a threat to their own
expertise or as unnecessary complexity. In addition, because
predictive models produce results in the form of probabilities and
estimates rather than absolute answers, users are required to
demonstrate a higher degree of tolerance for uncertainty and the
ability to interpret numerical outputs. Organizations with a strong
analytical culture, in which data are understood as a strategic asset,
move through this transition process significantly faster and more

successfully.
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Technical debt and legacy infrastructure represent another factor
slowing implementation. Many organizations, particularly in the
public sector and in industries with a long tradition, use outdated
information systems that were not designed for integration with
contemporary analytical platforms. Data migration, the
establishment of API connectors, and ensuring compatibility
among different systems can be expensive and time-consuming
processes. Under such circumstances, organizations often adopt
hybrid architectures in which a new analytical layer is added to the
existing MIS, representing a practical, though not always optimal,
compromise.

One of the greatest challenges remains data quality. In analytics,
the term “Garbage In, Garbage Out” (GIGO) is often used—if the
input data are inaccurate, outdated, or biased, predictive models
will, regardless of their complexity, generate erroneous results.
Therefore, the integration of predictive analytics requires strict
protocols for data cleaning and validation within ETL processes.

10. Ethical Aspects and Regulatory Framework of
Predictive Analytics Application

The growing use of predictive analytics in business decision-
making opens a range of important ethical issues that cannot be
ignored. When organizations use personal data of customers,
employees, or citizens to build predictive models, questions arise
concerning consent, transparency, and the right to an explanation
of algorithmic decisions. This is particularly sensitive in the
context of models that affect credit, employment, healthcare, or
access to services.

In the European Union, the General Data Protection Regulation
(GDPR) establishes clear requirements regarding the processing of
personal data and automated decision-making. Under Article 22 of
the GDPR, individuals have the right not to be subject to decisions
based solely on automated processing that significantly affect their
position, which directly regulates how predictive models may be
applied in practice. Bosnia and Herzegovina, as a country in the
process of accession to the EU, is gradually aligning its own legal
framework with these standards, which organizations should take
into account when planning analytical systems.

A particular challenge concerns the issue of bias in models. If the
historical data used to train a model reflect discriminatory
patterns—for example, unequal representation of particular
demographic groups—the model will learn, reproduce, and
potentially even amplify those patterns. This is referred to as
algorithmic bias and constitutes one of the most serious ethical
risks of predictive analytics. Organizations must therefore establish
responsible Al governance practices, including regular model
audits, bias testing, and accountability mechanisms. The principles
of Explainable Atrtificial Intelligence (XAIl) are increasingly
becoming a standard that helps organizations ensure the
transparency of analytical systems to all stakeholders.

11. Future Trends and Directions of Development
of Predictive Analytics in MIS

The dynamics of predictive analytics and machine learning are
accelerating rapidly, bringing new paradigms that will shape the
next generation of management information  systems.
Understanding these trends is of crucial importance for
organizations that wish to remain competitive and analytically
advanced in the coming years.
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Generative artificial intelligence and large language models
(LLMs) are increasingly being integrated with business
information systems, opening a new level of interaction with data.
Instead of requiring users to know SQL queries or analytical tools,
conversational interfaces allow managers to ask questions in
natural language and receive analytical insights in real time. This
approach democratizes access to data and analytics, expanding the
circle of users who can directly benefit from predictive insights
without IT intermediaries.

Generative Al (GenAl) is revolutionizing interaction with MIS
through the concept of self-service BI. Instead of relying on
complex queries, managers can now use natural language to
generate reports in real time. In addition, in industrial contexts, the
synergy of predictive analytics and digital twins enables the
simulation of physical processes in a digital environment, thereby
substantially reducing maintenance risks and costs.

AutoML and the democratization of modeling represent another
important trend. Platforms such as Google AutoML, Azure
Machine Learning, and H20.ai enable organizations to develop
and implement predictive models without deep specialized
expertise in machine learning. Automated algorithm selection,
hyperparameter tuning, and model validation reduce barriers to
entry into predictive analytics and make it accessible even to
smaller organizations with limited IT resources. This trend directly
addresses the previously described challenge of insufficient
analytical competencies.

Real-time analytics is becoming an increasingly important
requirement of modern business. Thanks to advances in stream-
processing technologies such as Apache Kafka and Apache Flink,
organizations are no longer limited to data batches processed
overnight or weekly. Predictive models can now be applied to data
streams within milliseconds, which is crucial in fraud detection in
banking, energy grid management, automated market trading, and
the optimization of logistics flows. This shift from retrospective to
proactive, and now to reactive real-time systems, marks a new
phase in the maturity of analytical MIS architectures.

Edge analytics and 10T integration are also gaining a significant
place in the architecture of modern MIS solutions. Instead of
sending all data to central cloud servers for processing, the edge
computing paradigm enables predictive models to be executed
directly on devices that generate data—factory sensors, medical
devices, vehicles, or smart metering devices. This reduces latency,
lowers data transmission costs, and enables operation even without
a constant internet connection, which is particularly valuable in
industrial and remote environments.

All these trends indicate that predictive analytics will not remain an
isolated module within MIS, but will instead become deeply
integrated into all layers of business processes and decision-
making. Organizations that are already investing in the
development of analytical competencies, flexible data architecture,
and a culture of data-driven decision-making will be significantly
better positioned to exploit the full potential of the next generation
of intelligent information systems.

12. Conclusion

Predictive analytics represents one of the key developmental
components of the modern management information system. Its
value lies in the fact that it gives information systems an
anticipatory function and enables management to make timelier,
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more precise, and more rational decisions. By integrating statistical
models and machine learning into MIS, organizations gain the
ability to recognize patterns in data, estimate probable future
outcomes, and proactively manage risks and business
opportunities.

Modern MIS is no longer merely an infrastructural framework for
the processing and distribution of information; rather, it is an
intelligent platform for the creation of business value. In this sense,
predictive analytics and machine learning are becoming not only
technological tools, but also managerial instruments of business
transformation. The future development of this field will depend on
the ability of organizations to align technological capabilities with
data quality, organizational change, and the need for responsible
information governance. At the same time, the challenges
accompanying implementation—from data quality and the lack of
competencies to organizational culture and legacy infrastructure—
indicate that technological excellence alone is not sufficient. A
successful transition toward intelligent MIS requires a holistic
approach encompassing people, processes, and technology as
equally important pillars of transformation. Finally, the ethical
dimension of applying predictive models and compliance with
regulatory standards such as the GDPR must be integral parts of
every digital development strategy, because responsible
management of data and analytical systems is not only a legal
obligation but also the foundation of trust that organizations build
with all their stakeholders.

References
[1] Azbyka, "Biznes-analitika," available at:
https://azbyka.com.ua/biznes-analitika/, accessed on

September 17, 2024.

[2] Mit Software, "General information about business intelligence
systems," available at: https://www.mit-software.hr/opcenito-
o-business-intelligence-sustavima/ , accessed 09/10/2024.

[3] Klipfolio, “Business Intelligence Dashboard Examples,”
available at: https://www.klipfolio.com/resources/dashboard-
examples/business/business-intelligence, accessed
08/15/2024.

World Journal of Economics, Business and Management, 1(1), 45-51.

[4] AT Academy, “How Predictive Analytics Works,” available at:
https://aiacademy.ba/blogs/wiki/kako-funkcionise-
prediktivna-analitika, accessed 19.08.2024.

[5] Infigo, “Business Intelligence and Analytics,” available at:
https://www.infigo.hr/hr/industrije/poslovna-inteligencija-
analitika/ , accessed 17.09.2024.

[6] ISBiH, “Machine Learning: Everything You Need to Know,”
available at: https://ishih.gov.ba/p/vijesti/masinsko-ucenje-
sve-sto-treba-da-znate , accessed 05.08.2024.

[7]1 Coursera, “Business Intelligence Reporting,” available at:
https://www.coursera.org/articles/business-intelligence-
reporting, accessed 09/15/2024.

[8] Bife.ba, “Cost Management at um:tel ad Banja Luka,” available
at: https://www.bife.ba/2025/11/10/upravljanje-troskovima-u-
mtelu-ad-banjaluka-fiksni-i-varijabilni-troskovi/, accessed
15.08.2024.

[9] Source.ba, "KCUS introduces advanced Al tools for sample
analysis and personalized therapy,” available at:
https://source.ba/clanak/BiH/259135/KCUS-uvodi-napredne-
Al-alate-za-analizu-uzoraka-i-personaliziranu-terapiju,
accessed 01.10.2024.

[10] The Manifest, "Machine Learning Companies in Bosnia and
Herzegovina," available at:
https://themanifest.com/ba/artificial-intelligence/machine-
learning/companies, accessed 01.10.2024.

[11] I. Kalathas, M. Papoutsidakis and C. Drosos, ‘“Business
Intelligence and Machine Learning Methods for Predictive
Maintenance in  Greek  Railways,” available at:
https://www.scirp.org/journal/paperinformation?paperid=1109
84, accessed 09/25/2024.

[12] M. Junaid Baig, H. Md Mohaiminul and A. Hassan, “Al-
Driven Business Intelligence in Retail: Transforming
Customer Data into Strategic Decision-Making Tools,”
available at:
https://www.researchgate.net/publication/388386955_Al-
Driven_Business_lIntelligence_in_Retail_Transforming_Custo
mer_Data_into_Strategic_Decision-Making_Tools, accessed
28.09.2024.

3


https://azbyka.com.ua/biznes-analitika/
https://www.mit-software.hr/opcenito-o-business-intelligence-sustavima/
https://www.mit-software.hr/opcenito-o-business-intelligence-sustavima/
https://www.klipfolio.com/resources/dashboard-examples/business/business-intelligence
https://www.klipfolio.com/resources/dashboard-examples/business/business-intelligence
https://aiacademy.ba/blogs/wiki/kako-funkcionise-prediktivna-analitika
https://aiacademy.ba/blogs/wiki/kako-funkcionise-prediktivna-analitika
https://www.infigo.hr/hr/industrije/poslovna-inteligencija-analitika/
https://www.infigo.hr/hr/industrije/poslovna-inteligencija-analitika/
https://isbih.gov.ba/p/vijesti/masinsko-ucenje-sve-sto-treba-da-znate
https://isbih.gov.ba/p/vijesti/masinsko-ucenje-sve-sto-treba-da-znate
https://www.coursera.org/articles/business-intelligence-reporting
https://www.coursera.org/articles/business-intelligence-reporting
https://www.bife.ba/2025/11/10/upravljanje-troskovima-u-mtelu-a-d-banjaluka-fiksni-i-varijabilni-troskovi/
https://www.bife.ba/2025/11/10/upravljanje-troskovima-u-mtelu-a-d-banjaluka-fiksni-i-varijabilni-troskovi/
https://source.ba/clanak/BiH/259135/KCUS-uvodi-napredne-AI-alate-za-analizu-uzoraka-i-personaliziranu-terapiju
https://source.ba/clanak/BiH/259135/KCUS-uvodi-napredne-AI-alate-za-analizu-uzoraka-i-personaliziranu-terapiju
https://themanifest.com/ba/artificial-intelligence/machine-learning/companies
https://themanifest.com/ba/artificial-intelligence/machine-learning/companies
https://www.scirp.org/journal/paperinformation?paperid=110984
https://www.scirp.org/journal/paperinformation?paperid=110984
https://www.researchgate.net/publication/388386955_AI-Driven_Business_Intelligence_in_Retail_Transforming_Customer_Data_into_Strategic_Decision-Making_Tools
https://www.researchgate.net/publication/388386955_AI-Driven_Business_Intelligence_in_Retail_Transforming_Customer_Data_into_Strategic_Decision-Making_Tools
https://www.researchgate.net/publication/388386955_AI-Driven_Business_Intelligence_in_Retail_Transforming_Customer_Data_into_Strategic_Decision-Making_Tools

